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> par(mfrow=c(2,2))

> P<-¢(1,2,3,4,8)[unclass(g54[,5])]
> C<-unclass(g54][,5])

> g54.dist<-dist(g54[,-5])

> library(MASS)  #sammon & isoMDS % i\ % 7= &
> plot(cmdscale(g54.dist),pch=P,col=C)

> plot(sammon(g54.dist)$points,pch=P,col=C)
> plot(isoMDS(g54.dist)$points,pch=P,col=C)

> library(vegan) #metaMDS % f % 7=
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